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Abstract

Research in the field of medical imaging focuses on two main areas: processing and systems,
both of which are continually evolving. This field encompasses technologies such as X-ray
imaging, ultrasound, CT, MRI, and PET, as well as medical image processing techniques like
segmentation, registration, enhancement, and classification. The research challenges in this
domain demand specialized expertise and experience, which can shape researchers'
perspectives. This article examines and analyzes data, emphasizing the importance of scientific
and network analysis in understanding research trends. Special attention is given to deep
learning as a key trend in medical imaging, with an investigation into its growth from 2018 to
2021. The paper evaluates data collection methods, scientific and network analysis, and
research classification, presenting comparative results on trends. Additionally, it explores the
impact of advanced technologies and interdisciplinary communication on the progress of
medical imaging. The role of deep learning and international cooperation in these
developments is analyzed, discussing their influence on the research trajectory and the
interaction of scientific fields within this domain. The purpose of this article is to highlight key
issues and propose solutions for guiding future research. Analyzes and reviews cover the period
from 2010 to 2024, with the hope that continued improvements and innovations will enhance
societal health through advancements in medical imaging.

Keywords: Innovations in Medical Imaging, Medical Data Analysis, Technological Advances,
Data Analysis, Comparative Results



